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Executive Summary

Generative Artificial Intelligence (GAI) has moved rapidly from a niche technological development
to a widely recognised and increasingly used tool within Australian society. This report provides
one of the most comprehensive examinations to date of Australians’ familiarity with, use of, and
attitudes toward GAI, as well as their expectations for governance and acceptable use. It draws
on a nationally representative survey of Australian adults conducted in late 2025, supplemented
by targeted interviews with Australian organisations adopting or preparing to adopt GAl systems.
Together, these data provide new insights into how Australians understand and engage with GAI,
who is benefiting from its emergence, and where capability, trust, and governance gaps are likely
to shape future adoption and policy needs.

Methodology

This research is composed of two parts: a survey component, and semi-structured interviews. The
survey component of this research used a weighted, nationally representative sample of
Australian adults. Respondents were asked about their general interest in emerging
technologies; their familiarity with Generative Al; their use of GAl across home, work, and study
settings; their perceived personal benefits and concerns; their views on governance and
responsibility; and their reactions to experimental vignettes testing the acceptability of GAl in
specific contexts. Survey estimates were weighted to population benchmarks to ensure national
representativeness. The semi-structured interviews were conducted with a range of
organisations across sectors, focusing on adoption drivers, workforce impacts, regulatory
expectations, and organisational readiness. Findings from the survey and interviews were
analysed separately and then synthesised to support broader conclusions and implications for
policy and practice.

Key Findings from the Survey

e Awareness and interest in emerging technologies are high, with more than half of
Australians expressing interest in technologies such as GAIl. However, familiarity and
attitudes are strongly patterned by age, education, language background, and place of
residence.

e Understanding of GAl is widespread but uneven, with nearly three-quarters reporting at
least a basic or moderate understanding, but only a small minority reporting strong
familiarity. Younger and more educated Australians consistently report higher levels of
understanding.

e Use of GAl is already common, with almost half of Australians having used GAI at least
once. Adoption is much higher among younger Australians, those with tertiary
qualifications, and people living in capital cities—indicating emerging digital capability
divides.

e Users report clear individual-level benefits, especially time savings. Many use that time
to undertake more complex tasks, handle greater volumes of work, or engage in more
creative activities. Students and workers who use GAI report meaningful improvements
in study quality and job performance.

e Concerns about data, skills, and critical-thinking capability persist, with majorities
identifying lack of training or skills, privacy concerns, or fears of over-reliance as limiting
their use.

e Australians support shared responsibility for governing GAI, with a particularly strong
role for government. Majorities support labelling of GAl-generated content and express
high levels of concern about political uses of GAI.

e Acceptability of GAl use is sensitive to context, with vignette experiments showing that
support decreases when a greater share of content is produced by Al Individual
characteristics —such as gender, age, and education —also shape attitudes, with women
and older Australians generally more cautious.
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Key Findings from Organisational Interviews

e Organisations see Al as a transformational technology with potential to reshape
workflows, customer service, knowledge work, and internal processes.

e Many organisations are in early adoption phases, focusing on testing and
experimentation, with a strong emphasis on risk identification, change management, and
staff training.

e Governance complexity is a central theme: organisations want clear standards, shared
responsibilities, and greater transparency from technology providers.

e Different levels of access to GAI tools and governance frameworks at the organisational
level within the Australian Public Service. While recognising different risk levels, there
was consensus for standardisation of access and clearer regulatory direction.

e Internal capability gaps—spanning digital skills, leadership confidence, and
organisational readiness — are seen as major determinants of successful adoption.

Implications

Taken together, the findings in this report indicate that Generative Al is already embedded in the
lives of many Australians, but its benefits are not yet equally distributed. Younger, more educated
and metropolitan Australians are at the forefront of adoption, while older Australians and those
with lower levels of education report lower use, weaker understanding, and greater concerns. As
GAIl becomes increasingly integrated into everyday products, services, workplaces, and public
institutions, these gaps risk becoming barriers to equitable opportunity, workforce participation,
and trust in digital government and democratic processes.

The survey and interview evidence therefore points to a clear need for targeted capability-
building, transparent governance frameworks, and consistent labelling and disclosure practices.
Organisations and government agencies will need to invest in training, develop clear internal and
external standards for GAl use, and address privacy, data, and critical-thinking concerns through
well-designed communication and safeguards. Ensuring that the benefits of Al are realised
across the whole population —and that its risks are managed in a way that sustains public trust —
will require coordinated action across government, industry, and civil society.

Key Policy Insights

Invest in national Al capability building and digital inclusion
Strengthen educational pathways, ensure equitable access across states and regions.

Develop standards and education for trustworthy Al
Prioritise transparency, model reliability, explainability safeguards, as well as guidance and
education on appropriate use.

Support sector-specific Al adaptation and fine-tuning capability
Enable government, industry, and education sectors to more effectively tailor existing Al
models for Australian contexts rather than over-reliance on generic global tools.

Embed cultural and ethical considerations into national Al governance
Integrate First Nations data sovereignty principles, and values-led design into Al policy.

Reinforce human elements
Policies should recognise that confidence and capability depend on human factors such as
identity, narratives, and trust as much as on technical infrastructure.

Position Australia as a leader in sustainable, values-based Al
Leaders can leverage regulatory strengths, address sustainability concerns, and facilitate
cross-sector collaboration to shape a distinctive national approach.
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1 Introduction

One of the challenges of Artificial Intelligence (Al) is that the term holds many definitions - from
rules-based algorithms; to machine learning; to stochastic algorithms; to agentic Al; to
speculative machines that possess general intelligence, and many distinctions in between. In
reality, Al is a constellation of many technologies - and while the ways in which Al turns up in the
public vernacular are not always definitionally precise, they are often helpful to understand how
the public presently encounters Al. Currently, Al is synonymous with Generative Al (GAI).

Since the transformer model revolutionised Al research and development in 2017, the public has
increasingly encountered Al in the form of large language models and multi-modal models. Now,
through the release of generative Al tools in the 2020s, public perception of Al is overwhelmingly
informed by these generative applications of Al.

Indeed, GAI has seen rapid and remarkable uptake. The pace and scale of GAl uptake outpace
both personal computers (PCs) and the Internet in their early stages of adoption.! Just this year,
findings from the McKinsey 2025 report showed continued increases in GAl use, with 72% of
survey respondents reporting frequent use of GAI2. This is a jump from 65% in 2024, and 55% in
20233,

This continued growth in GAl usage signals a shift in how people interact with Al. We have moved
from a market where Al-powered tools have mostly served as enterprise applications, or been
opaquely embedded into products, to a market where GAl-powered tools are widely and
deliberately adopted for work, home, and study. Seemingly, Al is becoming quotidian and
increasingly domesticated through GAL.

As researchers, we have an opportunity to study the levers that are determining this transition to
Al and particularly GAI at scale. For example, does a conversational mode of interaction support
people’s receptiveness to GAl-powered tools? Might it shape the role that GAl plays in a person’s
life? Does GAl's use in the domestic spaces start to break down people’s historic aversion to
trusting Al? How is GAIl augmenting our skills? How is this impacting our workplaces? Our
industries? And, what will the impact of GAl at scale look like? Will ubiquitous GAI reshape our
information landscape? Will it change the public perception of Al writ large?

In this study, we intend to look at a constellation of factors that are shaping Al adoption by
individuals and enterprises. We are focusing on the Australian context and plan to draw cross-
country comparisons with published studies in other jurisdictions. Our research spans both
individual-level and enterprise-level adoption. We seek to examine what the true use of Al in
Australia is, and what impacts of this use are beginning to emerge.

! Bick, Alexander, Adam Blandin, and David J. Deming. “The Rapid Adoption of Generative Al.” Working
Paper. Working Paper Series. National Bureau of Economic Research, September 2024.
https://doi.org/10.3386/w32966.

2 “The State of Al in Early 2025 | McKinsey.” Accessed March 23-2025.
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai.

3 “The State of Al in Early 2024 | McKinsey.” Accessed January 15, 2025.

https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai.
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1.1 Our Approach

In this study, we seek to understand Al adoption in Australia across multiple levels, including
adoption by individuals, adoption by organisations, and adoption within key sectors to inform
future policymaking. To conduct this research, we have undertaken a mixed-methods approach
that includes a population survey, a survey of organisations, and a series of expert interviews to
represent a variety of sectors and demographics within Australia.

In our population survey, we have defined GAl as deep-learning models that can generate high-
quality text, images, and other content in response to the user’s prompt, based on data they were
trained on. This definition includes models such as ChatGPT, Google Gemini, Dall-E, Claude and
several others.

To address Al adoption more broadly (including Al applications beyond generative Al), in the
organisational survey we are targeting responses based on a definition of Al as, as a machine-
based system that, for explicit or implicit objectives, infers from the input it receives how to generate
outputs such as predictions, content, recommendations, or decisions that can influence physical or
virtual environments.

We make this point of difference between the population and organisational surveys
intentionally. At the organisational level Al applications are often strategically procured to meet
arange of objectives that are not all covered by generative Al - unlike at the individual level where
Al applications other than GAI may simply be embedded in already established applications. We
anticipate useful insights from comparing across Al applications against other factors that affect
adoption in organisations.

Goals for this research, include:
e Understanding the demography of (G)Al adoption.

Are there differences in adoption rates across age, gender, linguistic or cultural background,
socioeconomic status or level of education that could inform future policymaking?

e Understanding Al adoption by institutions.

Which types of organisations are adopting Al? And, are there patterns in industry, geography (e.g.
urban / regional or state to state), reach (e.g. local, domestic or multinational), or organisational
scale that are shaping adoption behaviours?

e Understanding the rationale for Al adoption and its impact.

Can we learn anything from why early adopters have decided to use Al? What benefits will these
changes bring (e.g. productivity, better work life balance, transformative capability change,
occupational health and safety)? And, are there emerging practical effects of Al adoption we
could seek to investigate in future?

For our analysis, we are focused on identifying multiple factors that drive certain behaviours and
systemic outcomes related to Al adoption. By taking a multi-level approach (individual,
organisation and sectoral) to unpacking adoption, our study will cut across both the individual
drivers, organisational enablers, and environmental conditions of Al adoption to unpack the
systemic factors at play in Al adoption and emerging impacts of adoption trends. To undertake
this approach, we are looking at a range of factors, including signals of what the impacts of Al at
scale may be. As an outcome of this approach, we anticipate that our research will provide a novel
offering among the emerging literature on GAl and Al adoption, which has tended to take a
narrower scope of analysis to-date, and does not look closely at how actors across these multiple
levels of a broader system might be shaping adoption behaviour.

Our approach to this study has been inspired by past work that explores the drivers and impacts
of transformational technologies at inflection points as these technologies scale on a trajectory
to ubiquity. For example, a study conducted on the SIP (Singapore internet project) — a project to
connect the whole island of Singapore to the internet - in collaboration with the WIP (World
internet project) - conducted a longitudinal study of a 1000-person sample representative of the
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Singaporean population, published in 2002*. This study looks beyond usage patterns of the
Internet to study factors such as impacts to lifestyle that are shaped by Internet use; effects to
perceptions of value and trust in various information sources; impacts to trust in institutions
during broad uptake of the Internet; attitudes towards E-commerce; and attitudes to policy and
regulation linked to the Internet. Outcomes of this study helped to explain how specific
affordances of the Internet, including access to information at an unprecedented scale, and
communication via new modes, had implications beyond adoption, and were shaping domestic
habits, social relationships, and political perspectives on Internet adoption in Singapore.

As GAl is already widely adopted, studies such as the Singapore Internet study offer a blueprint
for thinking beyond only the drivers of adoption, to emerging impacts and implications of
adoption that will be an important feature for understanding the future of Al adoption, and a key
element of our study.

4 Kuo, Eddie C. Y., ed. Internet in Singapore: A Study on Usage and Impact. Singapore: Times Academic
Press, 2002.

The Australian National University 3



2 Surveys
2.1 Data

Individual-level data for this project was collected as part of the ANUpoll series of surveys. Data
was collected in partnership with the Online Research Unit (ORU) through the Australian
Consumer Panel. Data collection commenced on the 8 of October with a pilot sample. Full data
collection commenced the following day, with data collection finishing on the 19" of October with
3,577 respondents. All survey data in this report is weighted to the Australian adult population.®

2.2 Generative Al familiarity and views

The first question asked on the survey that was specific to Al readiness was ‘Firstly, a general
question about your attitudes towards technology. How interested would you say you are in
emerging technology, for example generative Al, quantum computing, autonomous vehicles,
biotechnology? While this is more general than Artificial Intelligence, it has been shown in the
literature to be highly predictive of attitudes related to specific technology. For example,
individuals with a generally positive stance toward technology are more likely to adopt and
support health-related mobile applications, perceiving them as extensions of progress rather
than sources of risk®. Conversely, those with technophobic tendencies tend to exhibit scepticism
or resistance toward even well-established technologies, driven by underlying beliefs about
control, privacy, or societal disruption.”

The majority of Australians - 52.7 per cent - are either interested (37.9 per cent) or very
interested (14.8 per cent) in emerging technology. We analysed the predictors of this interest.
Using the ordered probit model, we estimated the demographic, socioeconomic, and geographic
predictors, with higher values in the model associated with a greater interest. Figure 2.1 gives
descriptive statistics of the key explanatory variables that we found to be important (that is
without controlling for other characteristics)

Gender was strongly associated with interest in technology. 61.5 per cent of males say that they
are interested/very interested compared to 44.2 per cent of females. Age is also associated, with
the biggest gap between those aged 18 to 54 years (59.1 per cent interested/very interested) and
those aged 55 years and over (44.2 per cent).

The socio-demographic variable with the strongest association was education. Only 35.2 per cent
of Australians that have not completed Year 12 said they were interested/very interested in
emerging technologies. This rises to 48.8 per cent for those that have completed Year 12 or have
a non-degree qualification, and even more so to 71.3 per cent for those with a degree.

5 The data has been weighted using iterative proportional fitting (raking) using four benchmark variables.
The first two-age and sex-come from ABS population estimates. Education levels come from the 2021
Census. And current employment comes from the Labour Force Survey.

Except where stated, any standard errors that are calculated are based on bootstrap standard errors with
250 replications.

% Xie, Z., Or, C. and Ye, X.C., 2026. Acceptance of mobile health applications by the general public: the roles
of technology acceptance model constructs, health-app-specific factors, and socio-demographic
moderators. Applied Ergonomics, 130, p.104655.

”Novozhilova, E., Vu, C. and Katz, J., 2025. From moral panic to normalization: comparing users
and non-users of Al companionship apps. Al & SOCIETY, pp.1-19.
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Figure 2.1 Interest in emerging technology, by gender, age, and education

m Not atallinterested Disinterested O Neitherinterested nor disinterested Interested m Veryinterested

All Australians - 11.0 28.6 37.9

Males - 8.3 | 24.9 415
Females - 13.7 323 34.5

Aged 181054 - 87 | 27.0 406

Aged 55 plus _ 14.9 316 332

Has notcompleted Year12 _ 15.5 34.2 28.1

Completed Year12 ornon-degree qual - 12.3 | 31.7 35.1

Has a degree . 6.1 19.4 49.6

0.0 100 20.0 30.0 40.0 50.0 60.0 70.0 80.0 90.0 100.0

We next gave respondents a generic description of Generative Al as follows: For this survey we
are defining Generative Artificial Intelligence (Al) as deep-learning models that can generate
high-quality text, images, and other content in response to the user’s prompt, based on data they
were trained on. Examples of these models include, ChatGPT, Dall-E, Claude and several others.’
[bold in the original]

When asked for their views based on this description, there was a slightly higher proportion of
Australians that viewed Generative Al positively (30.0 per cent positively and 5.8 per cent very
positively) than viewed it negatively (9.8 per cent very negatively and 18.7 per cent negatively).
However, the modal or most common response was neutral, with 35.7 per cent of Australians
saying they viewed it neither positively nor negatively.

There were a number of factors that were associated with the positivity of a person’s view
towards Al when we estimate using an ordered probit model. We find that gender (females less
positive), location (those outside of capital cities less positive) and country of birth (those born
overseas in a non-English speaking country less positive) all have a significant association.
However, these differences do not remain when we control for interest in technology (which has
a strong and very positive association). Three variables that do remain significant even after
controlling for interest in technology are age, education, and language spoken at home

Younger Australians are far more positive towards Generative Al (49.0 per cent positive or very
positive for those aged 18 to 34) than those in the middle part of the age distribution (39.8 per
cent for those aged 35 to 54) or those aged 55 years or over (21.2 per cent). Those with a degree
are far more positive (52.2 per cent) than those that have either completed Year 12 or a non-
degree qualification (32.1 per cent) and those that have not completed Year 12 or a qualification
(20.4 per cent). Those that speak a language other than English at home (53.8 per cent) are more
positive than those that speak English only (32.2 per cent).

The Australian National University 5



Figure 2.2 Positive or negative views towards Generative Al, by age, education, and
language spoken at home

m Verynegatively Negatively — Neitherpositively nor negatively Positively — m Verypositively

atAstratians || 18.7 35.7 30.0 [58]

nged 8034 [T 128 32.8 39.3 [ a7 |

nged 35to54 [ 16.4 | 35.1 335 le3 |

2.2

Aged s5plus || 25.7 38.7 19.0 [ |

Has notcompleted Year12 _ 21.8 | 41.1 17.6 .

Completed Year12 ornon-degree qual - 21.4 | 37.2 27.9 -

Hasadegree [ 128 29.2 42,0 | 102

speaks Englishontyat home | 20.1 36.5 27.2 [50]

Speaks a language therthan English athome . 11.9 | 31.0 44.2 -
0.0 10.0 20.0 30.0 40.0 50.0 60.0 70.0 80.0 90.0 100.0

Respondents were next asked about their level of understanding of generative Al, ranging from
saying that they understand Generative Al very well (given by 6.6 per cent of respondents) to
never having heard of it prior to the survey (3.5 per cent). In between these two extremes, the
most common response was that a person felt they had a basic understanding of Generative Al.
This was given by 45.7 per cent of respondents, with a further 24.6 per cent saying they have a
moderate understanding and 19.6 per cent saying they do not understand it, but have heard of it.

There are some differences in the perceived level of understanding of Generative Al, particularly
when we compare those that feel they understand it moderately or very well, compared to those
that feel they have a basic understanding or less. Males are more likely to say they have at least
a moderate understanding of Generative Al (34.3 per cent) than females (27.8 per cent). Younger
Australians are far more likely to say they have a moderate or greater understanding than older
Australians, with a reasonably linear decline across the age distribution (from 48.2 per cent of
those aged 18 to 24 to 10.1 per cent of those aged 75 plus). Those with a degree are far more likely
to say they have at least a moderate understanding (43.5 per cent) than those that have
completed Year 12 only or have a non-degree qualification (29.2 per cent) and in particular those
that have not completed Year 12 or a qualification (17.4 per cent).

The final question that we ask on familiarity with Generative Al is when a person says they first
heard of it. We only ask the question of those that had heard of it prior to the survey itself.

22.4 per cent of respondents say they heard of Generative Al 3 years or more ago
29.5 per cent of respondents say they heard of it 2 years ago

29.7 per cent of respondents say they heard of it 1 years ago

9.6 per cent of respondents say they heard of it 6 months ago

8.8 per cent of respondents say they heard of it less than 6 months ago
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Summary and implications

Overall, Australians report a high degree of awareness of generative Al, broad interest in
emerging technologies, and substantial variation across demographic groups. More than half of
Australians say they are interested in emerging technologies, and this general technological
orientation is a strong predictor of attitudes toward generative Al. Views towards Generative Al
are more positive than negative on balance, although neutrality remains the modal response,
suggesting that many Australians are still forming opinions.

Younger Australians, those with a university degree, and those who speak a language other than
English at home tend to hold more favourable views, even when controlling for their broader
interest in technology. Self-assessed understanding follows a similar pattern: while only a small
proportion feel they understand generative Al very well, almost three-quarters report at least a
basic or moderate understanding, with much higher levels among younger and more educated
respondents.

The uneven distribution of interest and understanding points to the possibility of emerging
disparities in who is positioned to benefit from Generative Al, highlighting the importance of
inclusive strategies that support engagement across all demographic groups.

2.3 Use of Generative Al

Level and frequency of use

The next few questions in the survey ask about the use of Generative Al. Before asking the
question, we tell respondents ‘We are interested in understanding your patterns of Generative Al
use. When we talk about use we are interested in your deliberate use of Generative Al, rather than
your use of tools or products that may incidentally have Generative Al embedded into it.” Based
on this definition, 48.6 per cent of Australians say that they have used Generative Al.

The predictors of the use of Generative Al are very similar to the predictors of awareness and
understanding. But there are some differences. Gender does not have an association with
whether or not a person says they have used generative Al. Age has a very strong association.
More than seven-in-ten Australians aged under the age of 35 said they have used Generative Al,
compared to 17.2 per cent of those aged 65 to 74 years, or 12.3 per cent of those aged 75 years
and over.

Education also has an association. Those with a degree are far more likely to say they have used
Generative Al (66.7 per cent) than those that have completed Year 12 only or have a non-degree
qualification (47.3 per cent) and in particular those that have not completed Year 12 (24.5 per
cent). Those that live outside of a capital city are far less likely to have used Generative Al (39.5
per cent) compared to those living in a capital city (53.2 per cent)

Those that have used Generative Al are far more positive about it than those that have not.
Specifically, 54.7 per cent of those that have used Generative Al have a positive or very positive
view, compared to 18.7 per cent of those that have not used generative Al. These differences are
also present when we re-estimate the ordered probit model from above with use of Al as an
additional independent variable

For those that have used Generative Al, we asked when they first started using it.

9.1 per cent of respondents say first started using Generative Al 3 years or more ago
23.5 per cent of respondents say it was 2 years ago

35.1 per cent of respondents say it was 1 years ago

18.8 per cent of respondents say it was 6 months ago

13.5 per cent of respondents say it was less than 6 months ago

For those that have used Generative Al, we also asked how frequently they use Generative Al at
work (for those that are employed), as a student (for students), and at home. For users who are
working, 9.8 per cent use Generative Al everyday at work, 23.4 per cent use it most days, 24.3 per
cent use it a day or two per week, and 42.5 per cent use it less than once per week. For users who
are studying, 13.6 per cent use Generative Al everyday as a student, 28.6 per cent use it most
days, 28.6 per cent use it a day or two per week, and 29.2 per cent use it less than once per week.
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For all users, 8.6 per cent use Generative Al everyday, 18.9 per cent use it most days, 24.3 per
cent use it a day or two per week, and 48.2 per cent use it less than once per week.

For those that have used Al, we asked ‘Over the next 12 months, to what extent do you expect
your use of Generative Al to increase or decrease?’. Far more respondents think that their usage
will increase rather than decrease. 17.9 per cent said that it would increase substantially, with the
most common response simply being that it will increase (42.0 per cent of respondents). Only a
very small per cent of respondents think their usage will decrease (2.0 per cent decrease, 2.7 per
cent decrease substantially), with a sizable minority (35.4 per cent) saying that their usage of
Generative Al will stay about the same.

For those that had not used Generative Al, we asked ‘Over the next 12 months, to what extent do
you expect to use Generative Al?” Almost two-thirds of respondents (64.5 per cent) said that they
would continue to not use it all. A little over one third (34.1 per cent) said that they would use it a
little, with only 1.4 per cent of those that had not used Generative Al saying that they would use
it a lot.

Still focusing on those that have not used Generative Al, those that nonetheless view it positively
are far more likely to say they will commence using Generative Al than those that view it
negatively (75.8 per cent compared to 26.5 per cent).

We asked respondents about the frequency of specific activities that they used Generative Al for.
We asked about twelve activities ‘at work, as a student, or looking for work’ (Figure 2.3), and a
further eight activities at home (Figure 2.4). These questions were asked only of those that have
used Generative Al, with five possible frequencies, and as sixth response option for those that do
not undertake those tasks.

The most frequent activity that Generative Al is used for in both a professional and home setting
is searching for information and facts. This is followed by writing communications

Figure 2.3 Frequency of use of Generative Al for activities at work, as a student, or looking
for work
O Never Sometimes, butless than once perweek Adayor two Most days m Everyday
9.1
Searchingfor factsorinformation. 15.4 31.4 24.9 19.2

6.2
Writing communications, such as email. 31.3 28.4 18.8 15.3 -

5.4
Interpreting, translating, or sum marising text. 29.4 31.4 19.1 14.8 -

5.7
Generatingnew ideas. 31.0 30.1 20.5 12.8 -

5.0
Performing administrative tasks. 39.2 ‘ 2585 19.5 10.7 -

5.0

Documentation or detailed instructions. 37.0 ‘ 26.8 20.7 10.5 -

4.9

Data analysis or visualisation. 41.8 | 26.1 17.0 10.2 -

4.8

Tutoring or educational assistance. 46.7 ‘ 21.38 17.7 9.5 -

3.9
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4.5

Craftinga resume orother job search activities 46.3 ‘ 28.9 11.8 8.6 -

3.9

Coding and computer programming. 58.1 17.8 12.6 7.6 .

0.0 10.0 20.0 30.0 40.0 50.0 60.0 70.0 80.0 90.0 100.0

The Australian National University 8



Figure 2.4 Frequency of use of Generative Al at home
O Never Sometimes, but less than once perweek Adayor two Mostdays  mEveryday
7.5
Seeking information or facts. 17.8 8815 24.3 16.9 .
5.4
Generatingcommunications (including emails, text messages, etc.). 39.7 29.1 14.0 11.8
4.3
Translating languages. 48.2 ‘ 27.6 12.6 7.2
3.8
Generatingrecipes. 55.1 ‘ 20.9 13.3 7.0
3.4
Scheduling activities. 58.8 18.5 12.8 6.4
2.8
Generatinggraphics 49.0 ‘ 25.9 15.5 6.8 I
3.1
Planning holidays. 49.6 ‘ 29.5 116 6.2 I
2.4
Meal planning. 60.3 ‘ 16.5 14.1 6.7 I
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How Generative Al is used

Respondents that had used Generative Al were asked to choose one of six analogies to describe
their interactions. They were also offered an ‘other’ category, with the availability of free text
input to describe their interactions.

The most common response given is that respondents use Generative Al as an information
resource. This was the analogy chosen by 47.1 per cent of those that have used Generative Al.
Other analogies that a sizable minority of people reported were personal assistant (21.2 per cent)
and collaborator (10.8 per cent). Less frequently given responses were friend or confidante (6.9
per cent), advisor (5.8 per cent) or coach (3.9 per cent).

An additional 4.4 per cent of respondents gave ‘other’ as their response. The free-text that
respondents gave to this question surfaced some of the more negative attitudes towards it. For
example, some responses include: An unpleasant necessity these days, Annoyance, Enemy (given
by eight respondents), Nemesis (given by two), and That friend that knows stuff that | don’t like.

Respondents were also asked whether they used Generative Al in a conversational way. Of those
who have used Generative Al, 39.4 per cent say that they use it in a conversational way.

Following the question on conversational approach to Generative Al, respondents are reminded
that ‘Generative Al is often embedded into products, platforms and services. For example,
Generative Al can be used in search engine features that help to summarise search results.” They
are then asked ‘Would you say you are aware of when you are interacting with Generative Al that
isembedded into a product, platform or service?’ This was asked of all respondents, not just those
that have used Generative Al. 54.8 per cent of Australians are aware when they are interacting
with embedded Generative Al.
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Awareness of the often-embedded nature of Generative Al is much higher for those that have
used Generative Al (72.8 per cent) than those that have not (37.8 per cent).

Even controlling for whether or not someone has used Generative Al, there are still differences in
this awareness across demographic and socioeconomic variables in the dataset. Younger
Australians are more likely to be aware that Generative Al is embedded. The biggest difference
is between those aged 18 to 34 years (67.9 per cent were aware) and those aged 35 years and
over (49.1 per cent were aware). There are also differences by education with those that have not
completed Year 12 or a qualification having a much lower awareness (38.3 per cent) than those
that have completed Year 12 only or have a non-degree qualification (565.6 per cent) and
particularly those that have a degree 64.8 per cent

Summary and implications

Australians’ reported use of generative Al is substantial, with nearly half of the population (48.6
per cent) having used generative Al at least once. Consistent with earlier findings on familiarity
and interest, use is strongly patterned by age and education. More than seven in ten Australians
under 35 report using generative Al, compared with less than one in five of those aged 65 or over,
and two-thirds of degree-holders report use compared with one-quarter of those who have not
completed Year 12. Use is also higher among residents of capital cities than those living outside
them. Frequency of use varies by context: around one in ten employed users report using
generative Al every day at work, and around one in five use it most days, with similar patterns
among students. Across all settings, the most common activities involve searching for
information, writing communications, and undertaking content-related tasks —consistent with
the affordances of current large language models.

For many users, generative Al has become a conversational or interactive tool as well as a task-
based one, with almost 40 per cent of users reporting conversational use. When asked to
characterise their relationship with generative Al, nearly half describe it as an “information
resource,” with smaller groups likening it to a personal assistant or collaborator. Awareness of
embedded Al is markedly higher among those who use generative Al, suggesting that experience
shapes recognition of its presence in digital environments.

These patterns indicate not only rapid uptake but also emerging differences in how Australians
integrate generative Al into work, study, and home life —differences that may influence both
capability development and perceptions of the technology as it continues to evolve.

2.4 Perceived impact of Generative Al
Individual impacts

Respondents that have used Generative Al were asked about the extent to which they agree or
disagree that Generative Al saves them time. Most users of Generative Al either strongly agree
(21.5 per cent) or agree (50.7 per cent) that Generative Al saves them time.

Respondents that thought that Generative Al saved them time were then asked what they did
with that time, using an agreement/disagreement rating across four possible options.
Respondents were able to select that they did multiple things with their time. The most common
response (with 63.2 per cent agreeing/strongly agreeing) was that they used the time they saved
for their free personal time. There was also a high level of agreement that they did more complex
tasks (59.3 per cent), did more of the same task (58.1 per cent) or did more creative tasks (54.6
per cent)
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Figure 2.5 Generative Al and saving time

m Strongly Disagree m Disagree [ Neitheragree nordisagree Agree  m Strongly agree
2.3
Generative Alsaves time I4,1 21.4 50.7 -

2.6

Saves time and | ... Do more complex tasks I 11.8 26.3 47.5 -
2.6

Saves time and | ... Do more creative tasks I 13.4 29.5 41.4 -
1.9

Saves time and | ... Do more of the same task I 9.1 30.9 47.5 -
1.3

Saves time and ... Use as personal time I 10.2 25.4 50.9 -
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Those respondents that were employed (and had used Generative Al) were asked ‘To what extent
do you agree or disagree that Generative Al improves how well you do your job?’ A slight majority
of respondents either agree (39.9 per cent) or strongly agree (11.9 per cent) that Generative Al
improves how well they do their job (51.9 per cent in total). We also asked students the extent to
which they thought Generative Al helped them as a student. A somewhat higher per cent agreed
(43.4 per cent) or strongly agreed (16.4 per cent) that Generative Al helped them as a student
(59.9 per cent in total).
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Figure 2.6 Perceived impact of Generative Al as an employee or student

m Strongly Disagree m Disagree [ Neitheragree nordisagree Agree  m Strongly agree

Improves how well doesjob 11.9 28.2 39.9

Improves as a student 10.2 24.1 43.4

0.0 10.0 20.0 30.0 40.0 50.0 60.0 70.0 80.0 90.0 100.0

There is substantial variation in the perceived impact of generative Al across occupation types.
Respondents were asked to identify their occupation from one of eight classifications (based on
the Australian and New Zealand Standard Classification of Occupations, or ANZSCO). A large
number of respondents (n=124) gave aresponse of ‘other’, and were then asked to specify through
text input. These responses are not included in this part of the analysis.

Remembering that the question on the survey on the perceived impact of Generative Al is only
asked of those that have used it, Figure 2.7 gives the per cent of workers that agreed or strongly
agreed that Generative Al improves how well the person does their job, separately for the eight
stated occupations. The figure also gives the per cent of people in that occupation that have used
generative Al.

There are quite large standard errors for many of the occupations, due to small sample sizes.
However, the key difference appears to be between managers and professionals on the one hand,
and other occupations on the other. The differences between these two broader groupings are
large and statistically significant. 70.3 per cent of managers and professionals said that they had
used Generative Al, compared to 51.8 per cent of other workers. Of those that have used
Generative Al, 61.0 per cent of Managers and Professionals agreed or strongly agreed that it
improved how well they did their job, compared to 43.1 per cent of other workers.
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Figure 2.7 Perceived impact of Generative Al as an employee, by occupation
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Note: The “whiskers” on the bars indicate the 95 per cent confidence intervals for the estimate.

There are a number of factors that might limit a person’s use of Generative Al. Some of these
factors relate to regulatory or procedural barriers, others to individual capacity constraints, and
a third set of barriers relate to perceptions of negative impacts or limitations of the current
systems. We asked respondents, ‘Even if you do not currently use Generative Al, to what extent
do you agree or disagree that each of the following limits your use of Generative Al?’, with eleven
possible limiting factors.

Figure 2.8 ranks the limitations given by respondents, based on the per cent of Australians that
either agree or strongly agree. In the figure, three of the factors (labelled with a ‘+’) are asked
only of those currently employed, with an additional factor (labelled with a ‘++’) asked only of
current students.

The biggest limit expressed by Australians in terms of use of Generative Al is concerns about the
use of personal data. Almost two-thirds of Australians agree this places a limit on their use (40.6
per cent agree, 25.2 per cent strongly agree). There were also more than half of Australians that
agreed/strongly agreed that they were limited because of a lack of training or skills (57.0 per
cent) or because they felt their critical thinking skills will depreciate with frequent use (53.8 per
cent)

For all the statements, there were more people that agreed than disagreed. However, there were
relatively few people that felt that connectivity issues were a limit (32.6 per cent agreed, 28.3 per
cent disagreed) or that the limit was that it would reduce joy (34.6 per cent agreed, 27.4 per cent
disagreed). The three questions that were only asked of those employed also had a relatively low
agreement rate
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Figure 2.8 Limits on use of Generative Al

m Strongly disagree Disagree [Neitheragree nordisagree Agree  m Strongly agree

3.4
Concernsaboutuse of personaldata l 8.2 40.6

3.9
Alack of training or skills . 10.5 28.7 43.0

4.5
My critical-thinking skills will de preciate with frequent use of Generative Al . 14.5 27.2 36.3

3.0
Guidelinesor policies at my educationalinstitution-++ I 127 | 33.2 | 34.8

5.3
My writing skills will depreciate with frequent use of Generative Al . 17.0 29.0 33.8

My ability to understand complex or longtextswilldepreciate with frequent .

use of Generative Al 17.2 29.5 329

9.1
It might signalto future employers that my skills are not necessary+ - 23.0 28.1 29.0

9.9
It might signalto my employerthat my jobis not necessary+ - 23.4 30.1 26.5

Workplace guidelines or policy+ - 19.6 | 37.8 | 28.8
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Note: Questions that were asked only of those employed are marked with a +, those asked only
of those who were studying are marked with a ++

We analysed the factors associated with these limits on Generative Al usage, focusing on the first
three options that had the strongest agreement rate.Females and older Australians had the
highest agreement rates regarding concerns about personal data, and a lack of training or skills.
There were no differences by education, location, or country of birth, but those that were
employed had a lower agreement rate for the first two limitations than those that weren’t
employed

There were fewer factors that were associated with agreement that depreciation of critical
thinking skills was an issue limiting Generative Al use. The only variable that was statistically
significant in the model was gender, with females being more likely to agree/strongly agree than
males (56.1 compared to 51.4 per cent).

Societal impacts

Respondents were also asked about their attitudes towards Generative Al adoption in broader
society, and in particular the role of Generative Al skills. In general, Australians were much more
likely to agree than disagree that skills in Generative Al will be an important part of work and
studies. There was particularly strong agreement that Generative Al will be an important part of
tertiary studies (42.7 per cent agreement and 8.0 per cent strongly agreeing).
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Figure 2.9 Perceptions of importance of skills in Generative Al

m Strongly disagree Disagree [Neitheragree nordisagree Agree  m Strongly agree

Theywill be importantforgettinga good job in the future. 13.2 37.0 37.4

Theywill be an important part of the standard curriculumfor school-age

children 13.8 33.1 40.6

Theywill be an important part of the standard curriculumfor tertiary studies 12.1 31.2 42.7

0.0 100 200 300 400 500 600 700 800 900 100.0

The socioeconomic/demographic factor that is most predictive of views towards the importance
of skills in Generative Al is education. Across all three of the domains (getting a good job, school
curriculum, and tertiary curriculum) and with or without controlling for other characteristics,
those with higher levels of education and more likely to agree/strongly agree that skills in
Generative Al will be important.

For example, 34.1 per cent of those that have not completed Year 12 or a post-school qualification
think that skills in Generative Al will be important for getting a good job in the future. This
increases to 42.6 per cent of those that have completed Year 12 or have a non-degree
qualification, and to 54.5 per cent for those that have a degree.

Summary and implications

Overall, Australians who use Generative Al report clear and tangible individual-level benefits,
particularly in the form of time savings and improvements to work and study performance. Most
users say that Generative Al saves them time, and among those who do, the majority report using
that time for personal activities or to take on more complex, creative, or additional tasks.

More than half of employed users believe that Generative Al improves how well they do their job,
with an even higher share of students reporting positive effects on their studies. Perceived
benefits, however, vary by occupation, with managers and professionals both more likely to use
Generative Al and more likely to report that it improves their job performance.

At the same time, many Australians—including those who use the technology—identify
significant limits on their use, led by concerns about personal data, lack of training or skills, and
fears that frequent use could erode critical-thinking ability. These findings suggest that while the
direct benefits of Generative Al are already being realised by many Australians, capability gaps,
trust concerns, and uneven occupational patterns may constrain broader and more equitable
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uptake, highlighting the need for targeted training, clearer guidance, and support for confident,
informed use across the workforce and education sectors.

2.5 Generative Al and governance

One of the more challenging debates regarding Generative Al is who should be responsible for
governing its use. We asked respondents to what extent they agreed or disagreed that different
actors in the Generative Al ecosystem should be responsible. Figure 2.10 shows that Australians
think the responsibility should be shared across the ecosystem, but that there is a particularly
important role for government and the individual.

Around two thirds of Australians either agree (40.0 per cent) or strongly agree (26.2 per cent) that
‘It is the Government’s responsibility is to govern the use of Generative Al More than half of
respondents (61.0 and 59.1 per cent) also agree that ‘Individual organisations should be
responsible for governing their use of Generative Al' or that ‘Individual users should be
responsible for governing their own use of Generative Al

Although the lowest level of agreement is for an independent authority to govern the use of
Generative Al (48.1 per cent agree or strongly agree), there are also a large number of people who
neither agree nor disagree with the statement that ‘It should be an independent authority that is
responsible for governing the use of Generative Al The two options with the greatest level of
disagreement is for technology developers (23.2 per cent disagree or strongly disagree) or
technology providers (23.1 per cent).

Figure 2.10 Who should be responsible for governing the use of Generative Al

m Strongly disagree Disagree [Neitheragree nordisagree Agree  m Strongly agree

2.4

Government I 8.5 229 40.0

3.0

Individual organisations I 9.2 26.8 47.1

Individual users l 10.0 27.3 44.5
Technology developers - 15.6 27.8 35.5
Technology providers - 585! 28.0 35.8
Inde pendent authority . 12.3 35.4 33.6

0.0 10.0 20.0 30.0 40.0 50.0 60.0 70.0 80.0 90.0 100.0

Potentially related to the support for government taking responsibility for policy related to
Generative Al, Australians have a high level of concern for the use of Generative Al in politics.
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Specifically, more than a third (35.1 per cent) said that they were very concerned, with a further
44.3 per cent saying they are somewhat concerned about Generative Al in politics (Figure 2.11).

Figure 2.11 also shows that there are some small differences in the level of concern regarding
Generative Al in politics, with males being slightly less likely to be very/somewhat concerned (78.1
per cent) than females (80.7 per cent). There are much greater differences in concern by age.
Younger Australians are far less likely to be concerned (72.8 per cent very/somewhat concerned
for those aged 18 to 34) than those aged 35 to 54 (77.3 per cent), who are in turn less likely to be
concerned than those aged 55 years and over (86.8 per cent)

Figure 2.1 Level of concern about Generative Al in politics, by gender and age
m Not concerned at all Not too concerned Somewhat concerned m Veryconcerned
3.5
4.8
2.0
5.3
2.9
2.5
0.0 10.0 20.0 30.0 40.0 50.0 60.0 70.0 80.0 90.0 100.0

The differences by gender and age in concern about Generative Al in politics hold when we
analysed using an ordered probit model. Using the same dependent variable, when we add
whether or not a person has used Generative Al, we find a negative and statistically significant
relationship. Specifically, 74.6 per cent of those that have used Generative Al are somewhat/very
concerned, compared to 83.9 per cent of those that have not used it.

We asked respondents about three specific aspects of Generative Al during election campaigns
- two potentially negative and one potentially positive. Australians were most likely to agree that
Generative Al poses a risk to the democratic process by spreading misinformation (32.4 per cent
strongly agree, 41.2 per cent agree). Australians also agree that Generative Al creates a risk that
sensitive political data is leaked to the wrong hands (25.3 pe cent strongly agree, 41.9 per cent
agree).

There is a net positive agreement for the view that Generative Al provides less resourced
candidates with am more equal playing field to deliver effective campaigns. However, there is
much less agreement (13.5 per cent strongly agree, 31.0 per cent agree) than there is for the more
negative statements related to risk
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Figure 2.12 Level of concern about specific aspect so Generative Al in politics

m Strongly disagree Disagree O Neitheragree nordisagree
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We asked respondents about specific Al regulations in election campaigns. Two of the options
had very low acceptance rates with only 11.1 per cent of Australians agreeing or strongly agreeing
that no regulations are needed, and 22.1 per cent agreeing or strongly agreeing that the use of Al

during election campaigns is well regulated.

There was general agreement (60.8 per cent agreeing or strongly agreeing) that the use of Al
should be banned in election campaigns. However, there was even greater agreement for the
seven specific and somewhat more nuanced policy responses, with at least three-quarters of
Australians agreeing or strongly agreeing with each of the proposals.
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Figure 2.13 Support for Al regulations in election campaigns
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The policy view that has the most even distribution across the given possible response options is
whether or not ‘The use of Al during election campaigns is well regulated.” We analysed the
factors associated with disagreement/agreement with this statement, with the largest
differences being by age, and language spoken at home. 29.1 per cent of those aged 18 to 34
agreed or strongly agreed that the use of Al during election campaigns is well regulated. Only
23.1 per cent of those aged 35 to 54 years agreed/strongly agreed, and an even smaller
percentage of those aged 55 years over agreed/strongly agreed (15.4 per cent). Those that speak
a language other than English at home are far more likely to agree/strongly agree that Al during
elections is well regulated (30.7 per cent) than those that speak English only (20.4 per cent).

The final attitudinal question we asked about Generative Al related to trust in institutions. We
asked about trust in eight institutions ‘to develop or manage Generative Al responsibly, with
response options ranging from trusting those institutions completely to not trusting them at all.
The most trusted institution that we asked about was universities and research institutions. More
than two-thirds of Australians either trusted universities/research institutions completely (9.2
per cent) or somewhat (59.2 per cent)

The least trusted institutions were the American government (24.8 per cent trusted at least
somewhat) and particularly the Chinese government (17.4 per cent). Tech companies have a
slightly higher level of trust than these two foreign governments, but there is nonetheless less
than half of Australians (43.3 per cent) that trust tech companies either somewhat or completely
to develop or manage Generative Al responsibly
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Figure 2.14 Trust in institutions to develop or manage Generative Al responsibly
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The second most trusted institution that we asked about was the Australian government, with
55.8 per cent of Australians either trusting completely (7.5 per cent) or somewhat (48.3 per cent).
We analysed the factors associated trust in the Australian government. Younger Australians had
a greater level of trust than those in the middle part of the age distribution, or older Australians.
The clearest distinction is between those aged 18 to 34 years (62.3 per cent trusting somewhat
or completely) and those aged 35 years and over (53.0 per cent).

There are also significant differences by education. The difference between those that have not
completed Year 12 or a post-school qualification and those that have is reasonably small (48.8
per cent compared to 53.1 per cent). However, those with a degree have a much higher level of
trust than the rest of the population (65.0 per cent).

There is also a difference in trust by location. Amongst those that live in a capital city, 60.0 per
cent trust the Australian government somewhat or completely to develop or manage Generative
Al responsibly. This is much greater than those that live outside of a capital city (48.5 per cent).

These socioeconomic/demographic differences mirror, but are not explained by voting patterns.
That is, when we include the party that a person voted for in the last election as an additional
explanatory variable, the basic patterns outlined above remain. However, there are large partisan
differences that are also observed in the model and the raw data.

Those that voted for the Labor party at the last election have the greatest level of trust in the
Australian Government, with 74.2 per cent trusting somewhat or completely. Greens voters also
have relatively high levels of trust (58.3 per cent). The lowest level of trust is for those that voted
for someone else other than the major parties (35.3 per cent), with Liberal voters also reporting
lower levels of trust (44.6 per cent trusting somewhat or completely).
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Figure 2.15 Trust in the Australian government to develop or manage Generative Al
responsibly, by party voted for in 2025 Federal election
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Summary and implications

Australians see the governance of Generative Al as a shared responsibility, though with a
particularly prominent role for government. Around two-thirds of respondents agree or strongly
agree that governing Generative Al is the responsibility of government, and a majority also believe
that individual organisations and individual users should take responsibility for their own use.

Support is lower for an independent authority, with fewer than half agreeing and many neither
agreeing nor disagreeing, while technology developers and providers attract the highest levels
of disagreement. These views appear linked to broader concern about the political use of
Generative Al, with more than one-third of Australians very concerned and a further 44 per cent
somewhat concerned about its role in politics.

Together, these findings indicate strong public support for active regulatory oversight, but also
recognition that effective governance requires coordination across multiple actors in the
Generative Al ecosystem. The high levels of concern about political applications underscore the
importance of timely, transparent, and credible governance frameworks to sustain public trust as
Generative Al becomes further embedded in Australian society.

2.6 Experiments in acceptable use of Generative Al

To test for the acceptability of using Generative Al in a professional context, we set up a
controlled survey experiment with a hypothetical scenario that we varied a set of characteristics
across. Specifically, we began with the following statement:
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‘In recent years, Generative Al is increasingly used to generate documents and text. We now|
present a hypothetical situation involving Generative Al. Please read the text carefully and
afterwards we would like to ask you some questions.’

The vignette was structured as follows:

Imagine that <insert name from spreadsheet> created a document that you read. <She/he> is a
<PROFESSION>, is <AGE>, and <Familiarity>. Now imagine that <PROPORTION> of this document
is generated by Al.

The names were randomly assigned to signal gender and race/ethnicity, based on the names used
in Booth et al. (2012) in their analysis of discrimination in the labour market.?2 There were 20 female
names and 20 male names. Of each of these, five names signalled an Anglo-Celtic identity, and
the other 15 signalled a minority identity. The distribution of values across the other four randomly
assigned variables are as follows:

e <PROFESSION>:
o Journalist - 20%
o Academic Researcher - 20%
o Government Official - 20%
o Medical Doctor - 20%
o Lawyer-20%
e <PROPORTION>:
o most-25%
o about half - 25%
o some -25%
o asmall proportion - 25%
e <FAMILIARITY>:
o you have known this person for many years - 50%
o you have not met this person before - 50%
e <AGE>:
o intheir 20s - 33%
o intheir 30s or 40s - 33%
o intheir 50s or 60s - 33%

Although the real interest in the analysis is in the differences in values by the randomly assigned
characteristics (and characteristics of respondents), the levels also have some interest (Figure
2.16). Respondents are evenly split on whether the scenario represents an acceptable use of
Generative Al. However, slightly more Australians strongly disagree/disagree than strongly
agree/agree that it is an acceptable use (35.1 compared to 29.3 per cent respectively).

More than three-quarters of Australians either strongly agree (31.6 per cent) or agree (45.7 per
cent) that the document in the vignette should be labelled as being produced by Generative Al.
There are also substantially more Australians than either strongly agree/agree that the personin
the vignette is not doing their job properly (41.5 per cent) than strongly disagree/disagree (19.3

8 Booth, A.L., Leigh, A. and Varganova, E., 2012. Does ethnic discrimination vary across minority
groups? Evidence from a field experiment. Oxford bulletin of economics and statistics, 74(4),
pp.547-573.
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per cent). In our last question, there were far more Australians that strongly agree/agree that this
type of use should be regulated by government (61.4 per cent) than strongly disagree/disagree

Figure 2.16 Views on use of Generative Al in a hypothetical scenario

m Strongly disagree Disagree  ONeitheragree nordisagree Agree  mStrongly agree

Thisis anacceptable use of Generative Al. . 24.7 35.6 26.1 I

The documentshould be labelled asbeing produced by Generative Al I 5.8 16.0 45.7
2.2
Thisperson isnotdoingtheirjob properly I 171 39.3
23
Thistype of use of Al should be regulated by government I 9.4 26.9 40.9
0.0 10.0 20.0 30.0 40.0 50.0 60.0 70.0 80.0 90.0 100.0

To analyse the impact of vignette and respondent characteristics, we estimate four ordered
probit models (Appendix Table A.10). In the model are variables that capture the randomly
assigned aspects of the vignette, as well as the characteristics of the respondents. As this is a
hypothetical vignette with random assignment, we can be very confident in the causal direction
of the vignette characteristics. However, we can also be reasonably confident in the causal
direction of the observed variables as well, as it is highly unlikely that the views on the vignette
impact on a person’s age, sex, education, etc.

Across all four questions, we find no association between the randomly assigned gender or
ethnicity of the actor in the vignette, at least as signalled by the names given. The age of the
vignette actor also did not have a significant effect on any of the answers (at the 5 per cent level
of significance)

There was no evidence that the occupation in the vignette impacted on whether it was seen as an
acceptable use of Generative Al, or whether it should be labelled. However, compared to the base
case of a journalist, respondents were less likely to agree that a government official or a medical
doctor was not doing their job properly, but more likely to agree that for these occupations this
use of Generative Al should be regulated by government.

The proportion of the document that is generated by Al had an impact on whether it was viewed
as an acceptable use of Generative Al (smaller proportion, more acceptable), whether it should
be labelled (smaller proportion, more agreement it should be labelled), and whether the person is
seen as not doing their job (smaller proportion less likely to be seen as no doing their job).
However, there was no statistically significant impact on whether the respondent thought that
type of use of Generative Al should be regulated based on the amount of content generated.

Hypothetical familiarity with the actor had a large association. If the respondent had not met the
actor before, then they were less likely to agree that the use of Generative Al was acceptable,
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slightly more likely to think that the document should be labelled, more likely to think that the
person is not doing their job, but no more or less likely to think the government should regulate
that type of Generative Al usage.

We also considered the extent to which a respondent’s own characteristics were associated with
views on the acceptable use of Generative Al. As the vignette characteristics are randomly
assigned, there should be no correlation between the vignette and the respondent
characteristics.

Females and older Australians were less likely to think that their particular vignette is an
acceptable use of Al, more likely to think the document should be labelled, and far more likely to
think that type of usage should be regulated by government. The major difference by education
was with regards to government regulation. Those with a degree were less likely to think that the
type of Al usage in their vignette should be regulated by government. There were no significant
differences (at the 5 per cent level of significance) by location, country of birth, language spoken
at home, or employment status in terms of views on the vignette.

Summary and implications

In a unique survey experiment, we find that Australians are divided on whether a hypothetical
vignette represents an acceptable use of Generative Al, with slightly more respondents
disagreeing than agreeing that the use is acceptable. Support is far stronger for transparency
and regulatory oversight: more than three-quarters believe the hypothetical document should be
labelled as produced by Generative Al and more than three-fifths agreeing that this type of use
should be regulated by government. Many also think the person in the vignette is not doing their
job properly (41.5 per cent agree or strongly agree).

Experimental results show that several vignette characteristics shape these views: smaller
proportions of Al-generated content increase perceived acceptability, reduce perceptions that
the person is shirking their job, and reduce support for labelling. Familiarity also matters—
respondents who had “not met” the actor in the vignette were less likely to view the use as
acceptable and more likely to want the content labelled or to think the actor was not doing their
job. Respondent characteristics also play a role: women and older Australians were less
accepting of the vignette use and more supportive of labelling and government regulation, while
those with a degree were less likely to support regulation.

Together, these findings suggest that public attitudes toward “acceptable use” are sensitive to
both contextual cues and individual characteristics, with strong underlying preferences for
transparency and formal oversight. The consistently high levels of support for labelling and
regulation indicate that Australians expect clear disclosure when Generative Al contributes to
professional outputs and want safeguards to ensure appropriate use. As organisations and
government agencies expand their use of Generative Al, these expectations will likely shape both
policy design and public trust, highlighting the importance of communication, clarity of
standards, and responsible deployment practices.
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3 Interviews

This section of the report compliments the previous survey data by drawing on in-depth
interviews to provide the qualitative texture needed to understand not just how Australian
organisations are adopting Al but why they are doing it.

Here, we present an analysis of Al adoption across individuals in various organisations and
sectors, exploring how these levels might interact and influence one another, as well as emergent
themes. We used semi-structured interviews to elicit expert views on the trends, challenges, and
opportunities of Al adoption for their sector in Australia. Our study interviewed senior level
individuals (n=15; =6, m=9) from a range of organisations across Industry & Research, Education,
and Government. We recruited leaders working in industries we have identified as early adopters
of generative Al technologies. Interviewees were recruited through our research team's existing
networks. Interviews were recorded and transcribed. Each interview took approximately 1 hour in
duration (see interview questions in Appendix 2). Each participant was interviewed only once.

Overall, nine organisations were represented including: the Department of Infrastructure,
Transport, Regional Development, Communications, Sport and the Arts, the Department of
Employment and Workplace Relations (DEWR), consulting company KPMG, Australia’s national
science agency (CSIRO), the National Film and Sound Archives (NFSA), the Australian National
University (ANU), and several private technology companies.

To undertake this analysis, we collected interview data that was recorded and transcribed using
Zoom. Transcripts were manually cleaned and de-identified in Microsoft Word to ensure data
quality and confidentiality. Cleaned transcripts were then imported into NVivo 15: qualitative data
analysis software. NVivo was used to code relevant sections of the interviews according to latent
themes that emerged from the interview data. Basic comparisons were done in Nvivo and then
visualised in Excel. Further visualisation and deeper analysis was done in Matlab R2025b using
the Statistics Toolbox.

Our interview analysis captures multiple dimensions of Al adoption, including: perceived
capabilities, drivers, barriers, critical discourse. This enables a view of how and why Al is being
adopted in Australian organisations across Industry & Research, Education, and Government, as
well as some of the latent factors that may shape adoption behaviour.

3.1 Tool Use and Practices

Across our interviews, individuals reported using a diverse set of Al tools in their everyday
workflows. These included: AutoGen Al, Azure, ChatGPT, Claude, Co-Pilot, Databricks, Gemini,
Grammarly, Meta Al (chat), Meta Llama models, Otter Al, and retrieval-augmented generation (RAG)
models. This spread reflects both general-purpose Al applications and more specialised models
used for coding, data handling, or document generation.

Table 3.1illustrates how tool use varies by sector. In our interviews, individuals working in Industry
& Research reported the widest range of Al tools, spanning both mainstream generative models
and more technical platforms such as Databricks and RAG models. In contrast, Education and
Government participants referenced a smaller set of tools, with usage concentrated around
ChatGPT, Claude, and Co-Pilot. This suggests that Industry & Research settings may be more
conducive to experimentation with multiple Al systems, or that their tasks may require a broader
set of capabilities.
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Table 3.1: Breakdown of commonly used tools by sector

Type Count Commonly used Al tools
Industry, 9 AutoGen Al, Azure, ChatGPT,
Research Claude, Co-Pilot, Gemini,
Grammarly, Meta Llama models,
and retrieval-augmented

generation (RAG) models

Government 8 Azure, ChatGPT, Claude, Co-Pilot,
Databricks, Gemini, Meta Al (chat),
Otter Al

Education 3 ChatGPT, Claude, Co-Pilot

Note: In this table, the header ‘Type Count’ refers to the number of Al tool types used for a specific sector across
our interviews. As Education wasn’t as widely represented, this could have an effect on the number of Al tool
types represented in that category. Nevertheless, the ‘Industry’ and ‘Government’ categories were quite
comparable.

Beyond which Al tools are used, our interview data also highlighted how these tools are being
integrated into day-to-day practices.

Figure 3.1 provides an overview through a word cloud, showing common usage types such as
administration, ideation, drafting, coding, personal tasks, and proposal or report preparation.
These patterns echo broader trends in Al adoption, where tools support both routine
administrative tasks and higher-value creative or analytical work.

responses
reviewing decommission_

msurance SUIMMAries
ransiate gquestions nersonal
reriprormation i
transcripts communml'

software € assisier aiministration
weation gljscovery Prototype

improving
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Figure 3.1. Word cloud illustrating how Al tools are used by our interviewees. Larger text indicates a stronger
weighting for that usage.

A more detailed breakdown of tool-use practices across sectors is presented in Figure 3.2. This
figure suggests that the Industry & Research participants we interviewed not only use a wider
range of tools but also engage in a broader variety of usage types, from technical tasks such as
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prototyping to strategic work, to document drafting, and brainstorming. Education and
Government participants show more focused patterns of use, with fewer reported categories
overall.

Together, these findings indicate that the mix of Al tools and their applications may be shaped
somewhat by sector context, reflecting different workflows, expectations, constraints, and
perhaps even levels of digital maturity. Industry & Research settings appear to be the most
diverse and experimental in their practices, while Education and Government show more targeted
forms of use aligned with their immediate operational needs. An alternative interpretation is that
there may be more restrictions on what tools can be used in specific settings due to security or
privacy concerns.

How Al Tools Are Used by Sector
35 -

30

25 -

I Research & Report Drafting
I Proposals, Tenders & Grants
I Personal
N Ideation & Brainstorming
Coding & Prototyping
Business Strategy & Development
Admin

Count
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5
I
o L 1 L
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Figure 3.2. Breakdown of how Al tools are reportedly used by sector; across Research & Industry, Education,
and Government across our interviews. On the y-axis, ‘count’ refers to the number of times that a particular
usage was mentioned across all interviews. As Education wasn’'t as widely represented, this could have an
effect on the number of uses represented in that category. Nevertheless, the ‘Industry’ and ‘Government’
categories were quite comparable.

3.2 Motivations and Drivers of Adoption

Participants described a range of motivations for adopting Al tools, reflecting both practical
needs and broader strategic considerations in their work. Many saw Al as offering capabilities
that meaningfully extend what human cognition can achieve. As one individual explained:

“Obviously the human brain can't consume the kind of data points that machine learning models can.
So being able to detect patterns that our brains can't actually hold, and looking at relationality in a
different way in data is interesting.”

This highlights a core motivation rooted in augmentation: Al is perceived as enabling new forms
of insight, pattern recognition, and relational thinking that would otherwise be inaccessible.

Others framed Al adoption through the lens of organisational value creation and economic
necessity. One individual emphasised:

“The other thing is it [Al] is seen as a mechanism to drive value, to create efficiency, and if
implemented well, create productivity or new value. That’s a necessity for most organizations, in any
industry, frankly, in this economic climate we're in.”
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Here, Al is positioned not just as a tool but as an essential lever for maintaining competitiveness
and delivering value under increasing economic pressure. The implication is that Al adoption is
intertwined with broader organisational strategy and sustainability.

Some individuals also recognised external policy and political drivers shaping their adoption
decisions. For example, one noted:

“..the government has a very clear Al acceleration agenda that's starting to emerge, which is a
departure from the previous Albanese government, It's very much sold on efficiency and productivity
and time and dollars saved.”

This suggests that public-sector agendas and narratives about efficiency contribute to creating
momentum around Al use, particularly in government and adjacent sectors. In this context,
adoption is influenced not only by internal organisational needs but also by shifts in national
policy and public discourse.

These perspectives informed further investigation; how tools were used as described in interview
data was coded according to latent thematic analysis and then quantified. As shown in Figure
3.3, productivity was the most common driver, accounting for 27% of all responses. This reflects
the strong appeal of Al tools for streamlining tasks, speeding up drafting and analysis, and
reducing administrative load.

The second most common driver was strategy (23%), suggesting that participants are also
adopting Al to align with organisational goals, support innovation agendas, or maintain a
competitive edge. Value (20%) and quality (14%) followed closely, pointing to the perceived
benefits of Al in improving outputs, enhancing clarity, or generating more refined work.

Al Adoption Drivers

Automation

Value 10% Compliance
3%

Personal
3%

Productivity
Strategy 27%

23%

Quality
14%

Figure 3.3. Al adoption drivers breakdown. Productivity is shown as the largest driver of adoption
proportionally (27%), followed by strategy (23%), value (20%), quality (14%), automation (10%), compliance
(3%) and personal use (3%).

A smaller portion of motivations related to automation (10%), where tools were used to handle
routine or repetitive tasks. The least reported drivers were compliance (3%) and personal use
(3%). Compliance-related adoption generally stemmed from organisational requirements or
policy shifts, while personal motivations tended to reflect curiosity or self-directed
experimentation rather than formal workplace expectations.

Overall, these patterns show that Al adoption across those interviewed is driven primarily by
efficiency and strategic value, with fewer instances of adoption driven by external requirements
or personal interest alone. This suggests that Al tools are being integrated purposefully into work
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practices, especially where they can provide tangible improvements in productivity and
organisational outcomes.

3.3 Challenges & Inhibitors

While participants reported clear motivations for adopting Al tools, they also identified a range
of challenges that limit or slow down adoption. These inhibitors reflect practical barriers but also
deeper concerns about trust, reliability, ethics, and the broader organisational or societal impacts
of Al.

A strong theme across interviews was risk awareness, particularly around sensitive data. As one
individual put it:

“This is too risky. We don't want you to do this, because we don't want all these people down here
uploading all our sensitive stuff to the internet.”

This quote captures both personal hesitation and organisational resistance, driven by concerns
about data exposure, unclear data-processing pathways, and potential breaches. Such concerns
remain a major inhibitor even when users are otherwise enthusiastic about the technology.

Another commonly reported challenge relates to the reliability and unpredictability of Al outputs.
Participants recognised the impressive capabilities of Al but also its limitations:

“It’s always going to be a technology which deeply needs humans, in that it can do remarkable things,
but also make completely stupid mistakes.”

This underscores a central tension: Al can accelerate work, but only when users can trust the
outputs. The need for human oversight is not merely a precaution; it becomes an essential part of
the workflow, often reducing the time-saving benefits that Al promises.

Several individuals also expressed concerns about authenticity and professional integrity. One
noted:

“The logic in it might not be robust enough, or, if someone were to challenge me on it, | would reflect
that ...it doesn't accurately reflect my own position, but I've taken it because it's neatly packaged up
and was an easy solution.”

This points to a subtle but important inhibitor: that even when Al use is convenient, this can
introduce hesitations around Al adoption in individuals. This may be due to an individual skimming
over important details and taking Al information as given. It may be the case that relying too
heavily on Al-generated content may create vulnerabilities in roles where justification and
personal authenticity matter.

Concerns extended beyond immediate work tasks toward environmental and societal impacts.
One individual reflected:

“I'm conscious of the fact that every time | hit generate there is water, and electricity, and also a
reinforcing feedback loop that says: these things are useful, please build more of them.”

This highlights a growing awareness of Al's environmental cost as well as its role in accelerating
critical resource demand.

As shown in Figure 3.4 below, these qualitative insights align with the broader quantitative
patterns. Security and privacy emerged as the most prominent inhibitors (18%), followed by
concerns about authenticity (15%) and inaccuracy (13%). Together, these issues reflect
uncertainty about whether Al outputs can be trusted and whether organisations can safely
integrate these tools into existing processes.
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Al Adoption Inhibitors
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Figure 3.4. Al adoption inhibitors breakdown. Across our interviews, the largest factor is concerns around
security and privacy (18%), followed by authenticity (15%), inaccuracy (13%), environmental and cultural
impacts (13%), human intervention requirements (8%), disappointment with outputs (10%), compliance
anxiety (7%), and explainability issues (3%).

Participants also raised concerns about environmental and cultural impacts (13%), touching on
sustainability, representational fairness, and long-term social consequences. Human intervention
requirements (8%) and disappointment with outputs (10%) further highlight that Al often falls
short of users’ expectations, requiring extra work or producing content that must be rewritten or
extensively edited.

Finally, compliance anxiety (7%) and explainability issues (3%) point to the importance of clarity,
transparency, and governance. In this context, compliance anxiety is the persistent worry
organisations or individuals feel about failing to meet regulatory or policy requirements for Al
use, often intensified by uncertainty, evolving rules, or unclear expectations. Uncertainty about
rules, or a lack of understanding of how Al reaches its conclusions, can reduce users’ willingness
to apply the technology in meaningful or high-stakes contexts.

Overall, these findings show that adoption barriers are multifaceted, involving a mix of ethical,
technical, organisational, and experiential concerns. Even among participants who actively use
Al tools, many remain cautious, emphasising the need for clearer guidance, better reliability, and
stronger safeguards around data security, privacy, and responsible use. The result is a pattern
where Al adoption is progressing, but not without hesitation, negotiation, and significant human
oversight.

3.3.1 Overcoming Challenges & Inhibitors

The individuals we interviewed highlighted a range of strategies that help them navigate or
overcome barriers related to Al adoption. A consistent theme was the importance of clear
guidance, training, and regulatory frameworks. As one participant explained:

“..we have mandatory training, which provides the guardrails, ethical use, appropriate use.”

This reflects a wider sentiment that structured learning and well-defined expectations reduce
uncertainty and enable users to feel confident engaging with Al tools. It appears that a focus for
organisations on investing in training may support safe and responsible use.
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At the same time, participants described ongoing challenges associated with the quality and
reliability of Al outputs. One individual noted:

“I will spend another hour or two just correcting what it has created.”

This frustration suggests that productivity, the primary driver of adoption as seen previously in
Figure 3.4, can quickly erode when outputs require extensive revision. This implies that
meaningful adoption is possible only when tools reduce workload burden in terms of time-
savings. When they do not, users may disengage or restrict their use of Al to low-risk or low-effort
tasks. This highlights the need for improved model accuracy, better domain adaptation, and
clearer expectations about when Al-generated outputs are likely to be reliable.

A further theme emphasised the continuing role of humans-in-the-loop. One participant reflected:

“So, in the end, we humans have the decision. We are still in control, and we are the ones deciding
all the rules and regulations.”

This reinforces the idea that Al is not seen as replacing decision-making but augmenting it.
Human oversight remains central to accountability, particularly when outputs intersect with
organisational policy, ethical responsibility, or professional standards. In general, this sentiment
points to Al adoption that is hybrid and supervisory rather than fully automated.

Taken together, these insights suggest that overcoming Al adoption inhibitors may require a
combination of ongoing training, clear governance, and continued emphasis on human agency.
When users feel equipped, supported, and in control, they may be more willing to integrate Al into
their workflows, even when the tools are imperfect. This positions human oversight not as a
limitation, but perhaps as an enabling constraint for confident Al adoption.

3.4 Emergent Narratives

Looking deeper into theinterview data,a set of narrative patterns emerged around how
participants perceive Al and its impacts generally. While concerns were certainly present, the
overall sentiment leaned more towards stories framing ‘Al as Hero’' rather than ‘Al as Villain’,
although both narratives were present. These narratives reveal how our interviewees may
position Al within their professional identities, aspirations, and anxieties, which might play an
important role in shaping adoption behaviours.

Al as Hero

We categorised the emergent narrative of ‘Al as Hero’ as positive sentiment that perceived Al as
‘saving the day’ or providing capabilities that were not otherwise possible. In our interviews,
individuals often described Al as a catalyst for innovation, efficiency, and creative possibility.

Participants frequently described Al as a heroic catalyst for innovation. For some, Al signified a
moment of technological transformation for society in general:

“Al has the potential for us to move into, | think, a golden age... | genuinely believe we're at the
beginning of a golden age”

This sense of optimism was also observed among those working with Al for software
development, where Al was thought to enable a beneficial increase in productivity. As one
participant noted:

“I'm excited about using Al for making stuff with software. And I'm much less excited, and maybe
even, blasé about using it for writing long documents.”

Similarly, Al was described in a positive light as accelerating prototyping and experimentation:

“for writing software, [Al is] really great, [it has] lowered the amount of effort required to knock out
an MVP or a prototype in a way that's very exciting for trying new stuff and seeing what works.”

In our interview data, the narrative of Al as Hero was framed Al as an empowering collaborative
tool that expands creative capacity, speeds up development (particularly of software
development and prototyping), and thus is perceived as lowering the threshold for innovation.
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Al as Villain

Alongside this optimism, a counter-narrative also emerged; emphasising the risks and harms
associated with Al. In our interviews, some individuals expressed concern about malicious use.
For example, one individual noted:

“I feel like the leverage that it gives to bad actors is at least as great, and possibly greater than the
leverage it gives to good actors.”

More broadly, cultural anxieties appeared to be echoed in fears about societal decline, cognitive
offloading, and perceived loss of human capability:

“..there's plenty of people who think it's the worst thing ever, and it's ruining society, and it's ruining
our brains and turning them to mush.”

The insights gained from these two emergent narratives: ‘Al as Hero’ and ‘Al as Villain’ builds on
the existing literature that adoption is shaped not simply capability or access to tools. Instead it
may be shaped by the deeper stories people use to make sense of technological change. These
narratives mirror existing literature framing Al as both an enabler and a risk, producing a dynamic
tension that influences how individuals experiment, where organisations invest, and what forms
of readiness are required. The coexistence of these two narratives suggests that Al adoption may
continue to be emotionally charged; driven as much by identity, values, and cultural context as by
technical affordances. Importantly, this dual dynamic reinforces that effective Al adoption
strategy must engage with both hope and concern: supporting people to harness Al’s potential
while addressing the uncertainties that shape its real-world use.

It is important to note that these narratives illustrating ‘Al as hero’ or ‘Al as Villain’ did not exist
in isolation, and our interviewees told multiple stories depicting Al in different ways. This
illustrates a perception of Al adoption as a tension between positive and negative factors.

3.5 The Future of Al Adoption: A Uniquely Australian Perspective

In this study, individuals articulated a clear sense that Australia has a unique opportunity to shape
a distinctive approach to Al adoption grounded not simply in technological capability, but in
values, identity, and strategic adaptation. Rather than trying to replicate large-scale efforts
underway in other nations, participants emphasised the potential for Australia to lead Al adoption
by aligning development with principles that reflect the country's nuanced social, cultural, and
environmental priorities.

As one participant noted, this approach positions sustainability at its centre:

"..rather than being caught up on things like data and Al sovereignty, we could focus on values and
principles grounded in sustainable practices"

The above quote also mentioned ‘values’ which often arose in our interviews. A recurring theme
was the question of whose values, and whose version of ‘Australia’ should guide this development.
Individuals mentioned that developing an ”Australian Al” requires deeper consideration of
national identity and representation. One interviewee in particular captured this tension directly:

“..we'd like something a little bit more reflective and comprehensive about what we mean by being
Australian. Our nation can't have an Australian Al until we figure out what our identity is.”

This suggests that global leadership in Al adoption may depend as much on alignment with
cultural values (which are currently not adequately and inclusively characterised) as on
technological capability.

Participants also reflected on what a national Al capability should look like in practice,
particularly in relation to Al model development. There was strong agreement that national
capability does not require building entirely new models, but instead working strategically with
existing ones:

“I think it's about building that sovereign capability, but that does not mean building a new model
from the ground up and cutting yourself off from existing models. It means working with, it means
working with existing models, tools, and adapting them to our purpose.”
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This adaptive approach was seen as both realistic and necessary, focusing on fine-tuning, and
improving existing systems for Australian contexts:

“After you train that model, can we tune this model? Can we improve this model? Can we use this
model better to have an Australian sovereign Al, or innovation - | think that's absolutely what we
need to do.”

These perspectives point to a model of Al adoption defined by grounding in Australian culture,
and an individual and organisational commitment to values-based technological development.
These views are echoed in broader discussions across Australian policy, ethics, and governance.
Scholars of digital sovereignty argue that meaningful national capability emerges not from
technological isolation, but from the ability to adapt and govern global systems in contextually
grounded ways which are often overlooked.® © For example, rather than considering Al
sovereignty as absolute power, we should think of sovereignty as embodied power, and
sovereignty as institutional power."

Exactly what kinds of embodied power and institutional power Al sovereignty might provide
individuals and organisations such as those who took part in our study would be worthy of future
research. For example, specific discourse around Australian Al sovereignty, especially when it
mirrors organisational aspirations or anxieties, may shape individual Al adoption motivation. In
parallel, broader organisational desire for Al adoption may be better understood and unpacked
as something produced through conversations about Australian Al capabilities, which is
ultimately influenced by systems and actors that sit beyond organisational and national
boundaries.

This enables us to build on existing and current policy literature around safe Al adoption'? and
begin to picture what exactly sustainable adoption might look like. This is an approach that
positions Australia not as a follower in the global Al race, but as a strategically distinctive leader.
For example, Australia’s Al Ethics Principles™ emphasise values, inclusion, and trust as
foundations for responsible deployment. This aligns with work on First Nations data sovereignty,'
5 which highlights the importance of Aboriginal and Torres Strait Islander self-governance of
representation and cultural rights in national data and Al ecosystems. Together, these bodies of
work reinforce the idea that a uniquely Australian approach to Al will depend as much on cultural
stewardship and inclusivity as on technical infrastructure.

To build on this, we found that across our interviews, participants highlighted a core challenge:
that Australia cannot meaningfully lead in Al adoption without first articulating which values,
identities, and cultural priorities should guide this leadership. The tension around “whose values”
and “what version of Australia” should shape Al development underscores the current absence of
aninclusive, nationally shared understanding of what responsible and representative Al looks like
in an Australian context.

In response to this challenge, interviewees pointed to a practical mechanism: building sovereign
capability through adaptation, rather than isolation. Rather than investing in wholly new national
models which remain unrealistic due to economic and capability constraints, participants argued
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for a strategy of fine-tuning, contextualising, and governing existing global models to
meaningfully serve Australian needs. This aligns with international thinking on “sovereign
interdependence,” which emphasises governance, contextualisation, and capability-building over
attempting to achieve full technological independence’® . Such a mechanism supports
environmental sustainability (by avoiding energy-intensive frontier model training) and leverages
Australia’s strengths in regulation and cross-sector collaboration.

6 Nye Jr, J. S. (2020). Power and interdependence with China. The Washington Quarterly, 43(1), 7-21.
7 Mueller, M. L. (2020). Against sovereignty in cyberspace. International studies review, 22(4), 779-801.
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Summary and Conclusions: What’s Next

Together, the survey and interview components of this report have explored GAl and Al adoption
across individuals, organisations, and sectors, revealing the complex interplay of readiness,
motivators, challenges, and perceptions. Together, the survey-level patterns, alongside the
qualitative findings capture the emotional, narrative, and cultural layers that shape how
Australians understand and engage with Al, expressing both excitement and hesitation. These
deeper narratives help explain not only whether individuals and organisations adopt Al, but how
they might do so, and what drives momentum or resistance across different modes of use and
context.

The core findings from the survey data analysis suggests that:

Interest in emerging technologies is widespread, but unevenly distributed across the
population. Younger people, those with higher levels of education, and Australians who
speak a language other than English at home demonstrate substantially greater interest
and more favourable attitudes towards GAL.

Familiarity with and understanding of GAIl is high, with nearly three-quarters of
Australians reporting at least a basic or moderate understanding. However, only a small
minority report strong understanding, and levels of familiarity vary sharply by age and
education.

GAIl use is already common, with almost half of Australians having used it at least once.
Use is concentrated among younger Australians, those with tertiary qualifications, and
those living in capital cities, indicating an emerging capability divide.

Among users, GAl is seen as delivering clear personal benefits, especially through time
savings. Many report that it enables them to complete more complex tasks, handle larger
volumes of work, or engage in more creative activities.

Students and workers who use GAIl perceive meaningful improvements in study quality
and job performance, with managers and professionals the most likely to report positive
impacts.

Despite reported benefits, many Australians face barriers to confident use, including
concerns about personal data and privacy, a lack of training or skills, and worries that
using Generative Al might erode critical-thinking abilities.

Australians see governance of GAIl as a shared responsibility, but with a particularly
strong role for government. Transparency is especially important, with clear majorities
supporting labelling of Al-generated content and expressing concern about political uses
of Al.

Judgements about “acceptable use” of GAIl are sensitive to context, with acceptability
higher when Al contributes a smaller share of a document or task. Respondent
characteristics —including gender, age, and education—also shape perceptions of
appropriateness and the need for oversight

To recap the core findings of our interviews, we observed that:

How Al tools were used varied according to organisational context; Industry reported the
widest variety of use cases compared to Education and Government sectors

The strongest motivators of adoption were perceptions that Al could enhance
productivity, support strategic goals, create value, improve quality, enable automation,
assist with compliance, and serve personal needs.

The main challenges to Al adoption included concerns around security and privacy,
authenticity, inaccuracy, environmental and cultural impacts, human intervention
requirements, disappointment with outputs, compliance anxiety, and explainability
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issues. However, many interviewees reported various strategies for overcoming these
challenges.

e Further analysis revealed that Al adoption may be shaped by narratives as well as by
perceived capability benefits. We observed the coexistence of dual “Al as Hero” and “Al
as Villain” narratives which suggests that Al adoption is approached through a tension of
optimism and concern.

e Individuals articulated a uniquely Australian pathway for Al adoption, one grounded in
values, identity, and cultural context. They questioned ‘whose values’ will shape the
future of Australian Al, and how it might be possible to build a type of sovereign capability
through adaptation, fine-tuning, and responsible governance of existing models,
reflecting an approach of sovereign interdependence rather than independence.

By integrating the survey and interview findings, several similarities emerge revealing a broadly
consistent picture of an Australian public and workforce that is increasingly engaged with Al.

For instance, at a population level the survey data shows strong interest and growing
familiarity, especially among younger, more educated, and urban Australians, who also report
the greatest personal and professional benefits. Likewise, the Interview participants echoed
these capability-oriented motivations, describing Al as a tool that enhances productivity,
strategic alignment, and creative or analytical capacity. While the survey quantifies enthusiasm
and perceived value, the interviews suggest that these perceptions are shaped by
organisational context, professional demands, and the emotional and cultural narratives people
bring to their work. That is, in both datasets, productivity emerges as a key driver, but the
interviews illuminate the conditional nature of this benefit: Al improves work only when outputs
are accurate, trustworthy, and do not require extensive correction.

Both survey and interview data also align in identifying barriers, though emphasis differs in
character and scale. For example, survey participants flag privacy concerns, lack of training,
and fears of diminishing critical-thinking skills, while interviewees describe inhibitors such as
authenticity, model inaccuracies, and anxieties around compliance. The interviews suggest that
individuals navigate these barriers through their own organisations’ guardrails, and quality
checks, suggesting that confidence in Al is as much a product of governance environments as
of individual skill or understanding. Importantly, interviews introduce narrative framings (“Al as
Hero” vs. “Al as Villain”), questions of identity and values in shaping Al adoption, and reflections
on what a uniquely Australian approach to Al might entail.

For organisations, these insights offer guidance on navigating Al adoption. For instance, the
findings outlined here suggest that successful Al adoption may best be focused on practices that
tap into key motivators such as improving productivity, strategy, and value, and address key
inhibitors such as security and privacy, as well as authenticity. Organisations also have a role to
play in shaping the Al narrative by fostering dialogue about Australia’s unique approach to Al
Adoption and its potential; particularly around understanding the nuances of the Australian
context.

At the same time, organisations could avoid common misconceptions. For example, this report
has reinforced that Al adoption is not only a technical challenge, and that capability is more than
just tool use, but has also demonstrated that overlooking the emotional and narrative factors that
influence engagement would ignore the dynamics at play influencing Al adoption.

By recognising Al adoption as a socio-technical process, one shaped by people as much as
technology, individuals and organisations can shape the conditions necessary for meaningful and
sustainable integration of Al into their work.
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